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INTRODUCTION 
 

The passage of the Affordable Care Act (ACA) in March 2010 highlighted the 

ongoing need for tools that state officials can use to project the impacts of complex 

policy changes on health insurance coverage. Possible approaches to this task range 

from simple spreadsheets to complex microsimulation models, with each approach 

having variations and tradeoffs in terms of cost, time, complexity, and adaptability for 

ongoing state analysis needs.
1 
 

 

Microsimulation models seek to predict the impacts of policy changes on the 

decisions of individuals, households, and employers. By modeling decisions at the 

individual employer and person levels, these models attempt to take into account how 

varying individual circumstances will affect aggregate outcomes. Several private 

organizations have developed proprietary microsimulation models, and states that 

wish to do this type of analysis have typically contracted with one of these 

organizations. However, the models vary in their approaches, assumptions, and 

predictions.
2
   

 

Although microsimulation models are a valuable tool for estimating state-level 

impacts of health policy changes, there are several reasons why state officials are 

interested in other approaches as well. Microsimulation modeling is expensive, and 

for states it is typically a “one-shot” effort that produces estimates for a limited 

number of scenarios, without the flexibility to update baseline data or test different 

assumptions after the fact. In addition, from the state perspective microsimulation 

modeling is not very transparent. In addition, many microsimulation models rely 

primarily on national data as inputs, and many states are interested in using state-

specific data.   

 

To address the need among states for analysis that is timely, state-specific, less 

expensive, and more flexible for testing alternative assumptions, the State Health 

Access Data Assistance Center (SHADAC) at the University of Minnesota School of 

Public Health has developed a complex spreadsheet model – the SHADAC 

Projection Model – to predict the coverage impacts of policy changes at the state 

level. Although the model was constructed specifically to help states project the 

coverage impacts of the ACA, the approach can be adapted to model the coverage 

impacts of other reform approaches as well. The SHADAC Projection  
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Model is designed to be flexible, evidence-based, transparent, and easy for state officials to understand and use 

independently. The model was developed with the support of the Robert Wood Johnson Foundation’s State Health Reform 

Assistance Network program. The model was originally developed for one state, but it can be adapted and customized to 

meet the needs of other states relatively easily. 

 
SHADAC PROJECTION MODEL APPROACH 
 

Similar to a microsimulation model, the SHADAC Projection Model analyzes how policy changes affect individual and 

employer behaviors, and how these behavior changes translate into shifts in health insurance coverage. However, 

microsimulation models estimate these impacts at the individual level and then aggregate the effects, while the SHADAC 

Project Model begins with high-level assumptions about behavior changes and then translates these assumptions into impacts 

on groups of individuals that have similar characteristics. Figure 1 provides a graphic illustration of these differences in 

approach. 

 

 
 

Population Groups: The SHADAC Projection Model estimates the impacts of policy changes separately for population 

groups defined by age, income, current health insurance coverage type, and employer size. The category definitions can be 

customized depending on a state’s needs. For example, the income ranges used will need to be specified for individual states 

because of existing variation in eligibility for Medicaid and the Children’s Health Insurance Program (CHIP) across states. 

The characteristics that define the population groups used in the model are illustrated in Figure 2, and include the following: 

 

 Age: Five separate age groups are included in the model. The 19 to 25 year old age group was chosen specifically 

for purposes of modeling the impacts of the ACA’s expansion of employer-sponsored insurance (ESI) dependent 

coverage to young adults through age 25. The elderly are excluded from the model since they are not affected by the 

ACA’s coverage provisions. 

 

 Insurance type: Insurance types include employer-sponsored insurance (which includes military coverage for our 

purposes), nongroup coverage, Medicaid/CHIP, Medicare, and uninsured. Since some people have multiple sources 
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of coverage, we assign a primary source of coverage using a hierarchy that assigns Medicare first, followed by ESI, 

Medicaid/CHIP, and nongroup coverage.
3
 

 

 Income: Income is measured in comparison to federal poverty guidelines (FPG) at the health insurance unit (HIU) 

level.
4
 The income categories are chosen for each state based on (1) existing state Medicaid/CHIP eligibility 

standards for children and adults, and (2) income ranges that are relevant for ACA implementation (i.e., used to 

determine eligibility for premium tax credits and cost-sharing subsidies in the health insurance exchange or for the 

Basic Health Plan). 

 

 Employer size: Employer size is also measured at the HIU level, since the HIU is most often the determinant of 

what ESI options are available to an individual. Employer size category is assigned to individuals using the largest 

employer in the HIU. In other words, if one adult in the HIU works for a small employer and the other works for a 

large employer, both are assigned to the large employer size category.  

 

 

By estimating policy impacts separately for each combination of these characteristics, the model generates results for several 

hundred different age-income-insurance type-employer size categories (in the test state, the total number of combinations 

modeled was 435). 

 

Analysis: The SHADAC Projection Model includes six main analysis modules. The first module projects state population 

and employment growth to the desired year, using assumptions about annual population and employment growth specified by 

the model user. This calculation serves as an “adjusted baseline” projection from which the impacts of policy changes are 

estimated. The subsequent modules begin from the specified adjusted baseline and estimate the impacts of the following: 

changes in access to ESI, changes in ESI take-up, changes in public program participation, changes in nongroup coverage, 

and assumptions about exchange/basic health plan participation. 

 

Because a primary goal of the SHADAC Projection Model is to enable state officials to estimate the impacts of policies under 

a range of assumptions about how employers and individuals will react, the model includes a large number of assumptions 

that can be adjusted by the user. For example, one component of the model estimates the impact of changes in employers’ 

decisions about whether to offer health insurance coverage. Employer decisions are influenced by several factors, including 

employee demand for coverage, other options available to employees (specific to the ACA, the availability of subsidized 

coverage through health insurance exchanges may influence employer decisions to offer coverage), and cost. For large 
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employers, employer penalties in the ACA will also influence offer rates. There is substantial uncertainty about how the ACA 

will influence each of these factors, and the SHADAC Projection Model allows state officials to make assumptions for how 

each of these factors will influence employer decisions to offer coverage. The model translates these high-level, user-

specified assumptions about how employers will respond into impacts for specific groups of people within a state (for 

example, people ages 26 to 44 with incomes between 139 percent and 200 percent of federal poverty guidelines who work for 

small employers and currently have ESI). The assumptions that users can modify are depicted for each of the six analysis 

modules in Figure 3, with more complete descriptions in the Appendix. 

 

 

One potential danger with a model that allows users to adjust the assumptions is that users might choose assumptions that are 

not supported by evidence. To encourage the most appropriate use of the SHADAC Projection Model, we provide a set of 

default assumptions that draw on published research, especially published projections of the ACA’s impacts made using 

microsimulation models. These assumptions and the basis for them are described in more detail in the Appendix to this brief. 

For each assumption, we provide a default value (which is customized to the particular state being analyzed) and the 

reasoning that supported this choice. The model user can choose whether to use the default assumption or select a different 

value. We also provide appropriate context to help model users choose assumptions; for example, in the section where users 

can modify the assumption about how ESI offer rates by small employers will change, the model also displays the current 

offer rate. 

 
DATA SOURCES 
 

To the extent possible, the SHADAC Projection Model relies on the most recent available state-specific data. The main data 

source for the model is the 2010 American Community Survey (ACS), from which we obtain age, income, insurance type, 

and employment status. A significant advantage of the ACS for this type of state-level modeling is its very large sample size 
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– for the test state, there are over 82,000 observations for the nonelderly population in the ACS public use file for 2010. This 

large sample size enables the modeling for detailed state-level age-income-insurance type-employer size combinations. 

 

The SHADAC Projection Model also requires individual-level information on employer size, access to ESI, and health status 

that is not available in the ACS. We estimate these characteristics by using regional data from the 2009 Medical Expenditure 

Panel Survey Household Component (MEPS-HC). The employer size, access to ESI, and health status variables are 

statistically matched from the MEPS-HC to the ACS using age, income, insurance type, region, employment sector, race, 

marital status, education, sex, and industry. The resulting database is used to create counts for the age-income-insurance type-

employer size categories that are the starting point of the spreadsheet model.  

 

For employer information (such as ESI offer rates by employer size), the SHADAC Projection Model uses state-specific 

estimates from the Medical Expenditure Panel Survey Insurance Component (MEPS-IC). We average the two most recent 

years of data, 2009 and 2010, to obtain more stable estimates. 

 
MODEL OUTPUT 
 

The end result of the modeling process is an estimated number of people in each of the age-income-insurance type-employer 

size categories. The model’s summary output tables describe the projected distribution of health insurance coverage 

separately by age, income, and employer size; other tables illustrate shifts in coverage between the baseline and the model 

projections (see Figure 4). The model also estimates enrollment inside and outside of the health insurance exchange, and it 

includes an option for the user to estimate the impact of implementing a Basic Health Plan. Finally, the model also produces 

a crude estimate of newly eligible versus previously eligible Medicaid enrollment.
5
 

 

 
 

 
DISCUSSION 
 

The SHADAC Projection Model is a customizable tool for state officials to use in estimating the impacts of the ACA in their 

states under a variety of different assumptions. While the model itself is quite complex, it is designed to be easy for state 

officials to use and completely transparent. Because the model uses state-specific data and because the relevant parameters or 

assumptions may vary by state,
6
 the model will need to be customized for each state in which it is used. However, the basic 

approach and model structure will be similar across states. Findings from other research, including microsimulation 

modeling, can and should be used to inform the user-specified assumptions that are key inputs to the SHADAC Projection 

Model. While our spreadsheet modeling approach has some advantages over a microsimulation approach in terms of user 

flexibility, cost, and timeliness, there are also tradeoffs that state officials will need to consider. The SHADAC Projection 

Model’s approach of estimating aggregate impacts and then allocating them across groups of people instead of estimating the 

impacts at the individual level and aggregating to the population is the key difference that needs to be kept in mind. It is our 

view that the SHADAC Projection Model is a valuable new tool for state officials as they work to estimate the impacts of 

complex policy changes. Although the model was developed for purposes of estimating the state-level coverage impacts of 

the ACA, the approach can be generalized to other health policy changes as well.  
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Appendix: SHADAC Projection Model Default Assumptions 
 

Many of the assumptions that drive the SHADAC Projection Model can be modified by the model user. To encourage the 

most appropriate use of the model, we provide a set of default assumptions that draw on published research, especially 

published projections of the ACA’s impacts that have been estimated using microsimulation models. These assumptions and 

the basis for them are described in more detail in this Appendix.  

 

Population and employment growth: Ideally, default population growth rates by age group will be based on the state’s own 

most recent demographic projections. The model allows the user to apply multiple population growth rates that are age-

specific or a single aggregate growth rate that is applied uniformly to all age groups; although the aggregate rate is simpler to 

use, we recommend using age-specific rates when possible because they are more accurate. The user enters his or her chosen 

assumption into the model as an annual growth rate; this assumption is then combined with the time horizon specified by the 

user to determine total population growth over the time period being modeled. 

 

The default assumption for annual employment growth (number of workers) is based on state-specific annual average growth 

rates from the American Community Survey. The user enters this assumption into the model as an annual growth rate; this 

assumption is then combined with the time horizon specified by the user to determine total employment growth over the time 

period being modeled. The default assumption is based on the 2006 to 2010 annual average change, which includes both 

good and bad economic years; this is likely more accurate than using only the most recent year or two of job growth, but the 

assumption can be easily modified as states’ economic conditions improve and new data become available. 

 

ESI access – dependent coverage for 19 to 25 year olds: This assumption represents the total percentage point change in 

access to ESI for 19 to 25 year olds that occurs due to the requirement in the Affordable Care Act (ACA) that employers 

offering dependent coverage allow dependents to remain enrolled in their parents’ plans until age 26. The default assumption 

is based on two factors: (1) the percentage of this age group that had access to ESI coverage (whether own-name coverage or 

coverage through a parent) prior to ACA enactment; and (2) whether the state had already enacted its own law expanding 

dependent coverage. (In this part of the model, we assume that ESI take-up among young adults with access to ESI is 

unchanged.) Although it is difficult to estimate what percentage of young adults have gained access to ESI as a result of the 

ACA, early evidence suggests that the percentage of this group that has private health insurance has already increased 

significantly.
7
 In states that had not already enacted some form of dependent coverage expansion for young adults prior to the 

ACA,
8
 the potential impact of this ACA provision may be larger than the national average.  

 

ESI access – change in employer offer rates: The model estimates the impact of five factors that could cause changes in 

ESI offer rates. Separate assumptions are incorporated for small and large firms, because some of the ACA’s provisions are 

specific to particular firm sizes and/or have different effects depending on firm size. The factors that influence employer offer 

rates include: (1) an increase in the offer rate due to the small employer health insurance premium tax credit; (2) an increase 

in the offer rate in response to higher employee demand for coverage (because of the individual mandate); (3) a reduced offer 

rate by employers that have large numbers of employees who will be eligible for subsidies in the exchange; (4) an increase or 

decrease in the offer rate in response to premium changes; and (5) an increase in the offer rate due to the potential employer 

penalties for not offering coverage (large firms only).  

 

 Increase in offer rate due to small employer tax credit: The ACA provides a health insurance premium tax credit for 

employers with 25 or fewer employees and average annual wages of less than $50,000. The credit is available to 

employers that previously offered coverage as well as to those who newly offer coverage; however, for purposes of 

analyzing coverage changes only those employers that choose to begin offering coverage in response to the tax credit are 

relevant to the model. The model estimates the impact of changes in health insurance offer separately for employers with 

fewer than 10 workers and employers with 10 to 24 workers, since offer rates for these two groups of firms are very 

different (31.8 percent for firms under 10 and 60.9 percent for firms with 10 to 24 employees nationally in 2010
9
). The 

model estimates how many people would gain ESI coverage given user-defined assumptions about the increase in health 

insurance offer rates among these two firm sizes and given existing patterns of employee eligibility, take-up rates, and 

family vs. single coverage enrollments in firms that offer coverage.  

 

The Congressional Budget Office (CBO) model has estimated that about 0.5 to 1 million people could gain ESI coverage 

due to the small employer tax credit
10

; the midpoint of this estimate (0.75 million) combined with a baseline of 150 
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million people with ESI coverage translates into a coverage impact of about 0.5 percent. We translate this overall 

coverage impact to the ESI offer rate to calculate default assumptions in the SHADAC Projection Model for the change 

in ESI offer rate among firms with fewer than 10 and 10-24 employees.
11

  

 

 Increase in offer due to higher employee demand: Results from national microsimulation models vary on the degree to 

which employer offers of ESI coverage will increase due to higher employee demand. The CBO estimate of the increase 

in the number of people covered due to this factor is quite modest – about 2 to 5 million people, compared to a baseline 

of 150 million people covered by ESI.
12

 In contrast, the RAND Corporation’s COMPARE model estimates a large 

increase in employer ESI offers – from 58.8 percent to 80.5 percent, with larger increases for small firms.
13

 The default 

assumption in the SHADAC Projection Model is based on the more modest increases in ESI offer predicted by CBO. We 

use the midpoint estimate of 3.5 million from the CBO model and a baseline of 150 million people with ESI coverage, 

which translates into a coverage impact of about 2.3 percent. We calculate the default assumptions of the SHADAC 

Projection Model by translating the overall coverage impact to the ESI offer rate separately for small and large firms 

separately in a manner similar to the method we use for the small employer tax credit above.  

 

 Reduced offer due to availability of subsidies in the exchange: Some employers are likely to drop ESI coverage if they 

have large numbers of employees who would be eligible for subsidies in the exchange. Employers that drop ESI are 

likely to have a predominantly lower-income workforce, but these employers are also less likely to offer ESI in the first 

place. Most low-wage workers are in firms with a mix of wage levels,
14

 which means that their employers are probably 

not highly likely to drop ESI benefits as a result of the availability of subsidized coverage elsewhere. As a result, the 

overall impact of employers dropping ESI benefits because most of their employees are eligible for exchange subsidies is 

likely to be modest. Estimates from the CBO model indicate that about five to 10 million people could lose ESI coverage 

due to the availability of subsidies through the exchange
15

; the midpoint estimate (7.5 million) taken together with a 

baseline of 150 million people with ESI coverage translates into a coverage impact of about 5 percent. We calculate the 

default assumptions of the SHADAC Projection Model by translating the overall coverage impact to the ESI offer rate 

for small and large firms separately in a manner similar to the method we used for the small employer tax credit above.  

 

 Impact of premium changes: National microsimulation models estimate that the ACA’s impact on premiums will be 

fairly modest: the CBO estimates a that, compared to projected premiums in the absence of the ACA, the impact on 

small group premiums will range from a two percent decline to a one percent increase, and the large group premium 

impact will range from a three percent decline to a zero percent change.
16

 The RAND Corporation’s model estimates a 

two percent decline in premiums compared to projections without the reforms.
17

 The federal government’s analysis of 

the premium impacts of the various consumer protections in the law, such as prohibitions on lifetime and annual benefit 

limits, suggests a modest increase in premiums.
18

 Since the CBO and RAND models incorporate other impacts into their 

premium change estimates, such as movements in the age and health composition of the market, their calculations are 

more useful for purposes of the SHADAC Projection Model than the federal estimates associated with the consumer 

protections alone. The default assumptions of the SHADAC Projection Model are the midpoints of the CBO range of 

estimates (0.5 percent for the small group market and -1.5 percent for the large group market). We combine the 

assumption about the estimated premium changes with an estimate of the impact of premium changes on employer ESI 

offer rates from empirical research to calculate the impact of premium increases on employer offers of ESI.
19

 

 

 Impact of employer penalties: The CBO model estimates that about 500,000 to one million people could gain ESI 

coverage from employers who begin offering coverage to avoid the ACA’s penalty for not doing so.
20

 The SHADAC 

Projection model uses the midpoint estimate (0.75 million) from the CBO calculations and a baseline of 150 million 

people with ESI coverage to estimate a coverage impact of about 0.5 percent. We translate this coverage impact to a 

default assumption for the large firm ESI offer impact using methods similar to the one we used for the small employer 

tax credit above (small firms are not affected by this provision of the law).  

 

ESI take-up: The SHADAC Projection Model estimates the impact of four factors that could cause changes in the rate at 

which people take up ESI coverage when it is available. Separate assumptions are incorporated for people with access to ESI 

through small firms and those with access to ESI through large firms. The four factors that influence ESI take-up rates 

include: (1) a reduction in ESI take-up among people who will be newly eligible for Medicaid; (2) a reduction in ESI take-up 

among people for whom ESI premiums are greater than 9.5 percent of income for employee-only coverage and who will 
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thereby have access to subsidized coverage through the exchange at a substantially lower cost; (3) an increase in ESI take-up 

due to the individual mandate; and (4) a change in ESI take-up due to changes in premiums. 

 

 Reduced take-up among people newly eligible for Medicaid: Some people who currently have ESI coverage and become 

Medicaid-eligible are likely to drop their ESI coverage and enroll in Medicaid. However, it is important to note that ESI 

take-up rates are very high among people who are currently income-eligible for Medicaid. Thus, the decline in ESI take-

up due to the Medicaid expansion seems likely to be modest. The default assumption in the model is a decline of 5 

percentage points, applied only to people with incomes between the state’s current Medicaid eligibility threshold for 

adults and 138 percent of federal poverty guidelines. 

 

 Reduced take-up among people with unaffordable ESI coverage who will be eligible for exchange subsidies: For this 

group, the potential savings related to switching from ESI coverage to the exchange is large. By comparing the 

distribution of premiums in the test state to federal poverty guidelines, we ascertained that the large majority of people 

affected by this provision of the law are in the 139 to 200 percent FPG category; within this category, about 5 percent are 

potentially affected. By definition, this group is paying 9.5 percent or more of their income for ESI coverage; their 

premium contributions in the exchange will be between 3 and 6.3 percent of income, with additional subsidies for cost-

sharing requirements. We could not locate any published estimates of the likely size of this effect, and so the default 

assumption in the model is a subjective one. The default assumption is that 20 percent of people who could drop ESI and 

receive exchange subsidies instead will choose to do so. 

 

 Increased take-up due to individual mandate: In the model, the increase in ESI take-up due to the individual mandate is 

estimated using an assumption about the change in the percentage of people who have access to ESI but remain 

uninsured. We could not locate any published estimates of the likely size of this effect, and so the default assumption in 

the model is a subjective one. Based on our baseline data from ACS and MEPS-HC, we estimate that about 4.3 percent 

of people with access to ESI in the test state are uninsured; the default assumption in the model is that this proportion 

will be cut in half.  

 

 Change in ESI take-up due to premium changes: To estimate the impact of premium changes on individuals’ take-up of 

ESI, the model applies the same premium changes that were used to estimate the change in employer ESI offer rates 

(defaults of -0.5 and -1.5 percentage points in the small group and large group markets, respectively). Implicitly, this 

assumes that premium changes are distributed equally between employers and employees. The assumption about the 

estimated premium changes is combined with an estimate of the impact of premium changes on individuals’ ESI take-up 

rates from empirical research to calculate the impact of premium increases on employer offers of ESI.
21

 

 

Public program participation: There are three components to the model that estimate changes in public program 

participation.
22

 Separate assumptions are applied for changes in public program participation by currently eligible children, 

currently eligible adults, and newly eligible adults. For the currently eligible population, the denominator for the participation 

rate assumption is the sum of Medicaid/CHIP enrollment and the number of uninsured. For the population that will be newly 

eligible, the denominator for the participation rate assumption is the number of people who will be newly eligible for 

Medicaid, without regard to their current insurance status. Particularly for the people who are currently eligible, the 

assumption about the change in the participation rate in public programs will be a key driver of state cost projections. 

Unfortunately, there are few sources of information to inform assumptions about how this number will change; because of 

this, the default assumptions in the model are subjective ones. We describe each of the participation rate assumptions below: 

 

 Currently eligible children: In the test state, the baseline data showed that about 90 percent of currently eligible children 

who don’t have private coverage are enrolled in Medicaid/CHIP. The degree to which currently eligible children enroll 

in Medicaid/CHIP will depend on a variety of factors, including the effectiveness of outreach efforts. The default 

assumption is that the gap between current participation and full participation will be reduced by one third. 

 

 Currently eligible adults: Baseline participation rates among currently eligible adults are much lower than they are for 

children, at about 41 percent in the test state. As is the case for children, there are a number of factors that will influence 

the participation rate for adults. The default assumption in the model is that the gap between current participation and full 

participation will be reduced by about one third. 
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 Newly eligible adults: As with currently eligible children and adults, the share of newly eligible adults who participate in 

Medicaid will depend on a number of factors, including the effectiveness of outreach programs. One national analysis 

assumes that the participation rate for new eligibles will be about 57 percent in a “standard” scenario and 75 percent in 

an “enhanced” scenario with more aggressive outreach.
23

 The default assumption in the model is 60 percent, which is at 

the lower end of this range. 

 

Nongroup coverage: The analysis of changes in nongroup coverage has several components. First, changes in premiums for 

nongroup coverage will have an effect on the number of people enrolled; second, the availability of subsidies will influence 

the degree to which people purchase nongroup coverage; and finally, the individual mandate will also affect enrollment.  

 

 Premium changes: There are two assumptions in the model related to how premiums for nongroup coverage will 

change.
24

 First, premiums may increase due to the implementation of the consumer protections included in the ACA – 

for example, prohibitions on lifetime and annual coverage limits, pre-existing condition exclusions, and rescissions. An 

analysis of the premium impacts of the consumer protections in the law was included in the preamble to the federal rule 

that implements these provisions; although substantial uncertainty was noted, the overall impact is expected to be small. 

The default assumption of the premium increase associated with the consumer protection provisions is 1.5 percent, which 

is consistent with the estimates in the proposed rule.  

 

The second assumption related to premiums is about how the increase in actuarial value of plans will affect premiums; to 

the degree possible, the model’s default assumption about the impact on premiums should be based on state-specific data 

about current actuarial values in the nongroup market. In the absence of state-specific information, one could assume that 

actuarial values are similar to the national average (55-60 percent), that average actuarial values would increase to 70 

percent under the ACA (since subsidies for premiums and cost sharing are tied to this level), and that use of health care 

services will increase by 1 to 2 percent for every 10 percent decrease in enrollee cost sharing.
25

 The default assumption 

using these national averages is a 12.5 percentage point increase in actuarial value, and an additional 1.9 percentage 

point increase associated with increased use of health care services, for a total of 14.4 percentage points. 

 

 Availability of subsidies: This part of the model is based on assumptions about how the take-up of nongroup coverage 

will change among people who are not enrolled in ESI or state programs. These take-up rates are calculated as the 

number of people with nongroup coverage divided by the sum of nongroup coverage and uninsured. Separate 

assumptions are included for children and adults, since current nongroup coverage take-up rates are substantially 

different for these 2 groups (about 55 percent and 27 percent for children and adults in the test state, respectively). The 

default assumptions are based on an estimate from CBO that people who receive subsidies will receive a reduction in 

premiums of about 56 to 59 percent.
26

 We combined this change in price with an estimated responsiveness of individuals 

to price changes in the nongroup market (0.4 percent increase in coverage for every 1 percent decline in premiums)
27

 to 

estimate a 12.5 percentage point increase in the nongroup take-up rate for children, and a 6.1 percentage point increase 

for adults in the test state. The default assumptions in the model increase take-up rates by an additional amount to reflect 

the likely increase in participation due to the individual mandate and penalties. Because we lacked published estimates of 

this impact, the default assumption is subjective: the mandate is assumed to reduce the remaining gap between predicted 

participation and full participation by one-half.  

 

 Individual mandate: As with the assumptions for take-up of nongroup coverage for people who are eligible for subsidies, 

the default assumption for increase in take-up among people whose income is too high to qualify for subsidies is based 

on reducing the gap between current take-up rates and full participation. Because we lacked published estimates of this 

impact, the default assumption is subjective: the default assumption reduces the gap between current nongroup take-up 

and full participation by half. 

 

Exchange/Basic Health Plan: With regard to the health insurance exchange, the model relies on two key assumptions: (1) 

among people buying nongroup coverage and who are eligible for subsidies, the percent who purchase through the exchange; 

and (2) among people buying nongroup coverage who are not eligible for subsidies, the percent who purchase through the 

exchange. The first group has a strong incentive to purchase through the exchange, while the second group will likely have 

no financial incentive to do so – although they might find it convenient. The default assumptions in the model are that 90 

percent of subsidy-eligible people buying nongroup coverage purchase through the exchange, and that 15 percent of 

nongroup coverage enrollees who are not eligible for subsidies purchase through the exchange. There is little evidence 
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available to inform these assumptions, but in Massachusetts (where an insurance exchange has been in place for several 

years) a very large share of coverage purchased through the exchange is subsidized.
28

  

  
The model allows the user to specify whether a Basic Health Plan will be implemented (a yes/no assumption) and includes an 

assumption for the percentage of people who are income-eligible for the BHP who will switch from nongroup coverage to the 

BHP if it is implemented. Again, there is little evidence on which to base this assumption, but the proportion is likely to be 

high because the alternative for this group would be to purchase unsubsidized coverage outside the exchange. The default 

assumption is that 75 percent of people with incomes from 139 to 200 percent of FPG who would otherwise purchase 

nongroup coverage will participate in the BHP; however, take-up will likely vary substantially depending on how states 

choose to structure the BHP premiums and benefits. 
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